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3- Radial basis function (RBF) Generalized regression (GRNN) / Probabilistic (PNN)
4- Support Vector Machine
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Figure 1: Location of the study area
L by 5305
oslaials ) so slaaslis MK.«}(.?ALU
o=lBl el (gslee sl A eslanad (g5le S5l 31 e s ;.j c‘a.u e Sl Gt opl o
e o3l O3 (9305 sl &S (g sbay das o s Ol u U1 et Jlazl 5 e (351 5 o
G))S V.A )‘ JE."W..A JS&}:‘}S LQLAoJJ)"bJ.; B u.ib)‘bﬁ uLS 4.&.:15‘5 B J‘-’jgid‘ odgs p b &)‘bﬂ gsf“.,;.a
53 01 g LS &S > Sy ey o 4 15 055 5 S 8148 ol cnl gyl il 5133 8 a
.WM!}&QU;;;WL}S
5 Sl sy Wesls &8 (63555 Y cl AN a5l IS o pame ae GadSd Jsene (olene
gl (et slasss Gl 4 B s oY g Ll SRl 1 esls Olgy 4Y (S s
Sl Va0 ey S8 ol G Hy sl adh Olgs aY pis Wlg s Sl Sl e
wolgy Y e LSS 00580 LY w0 ey a0 sl 0l eslaiad 2 53 Ol Gosd Gilwand
(Tokar & Markus, 5,15 15 edams Blew J>= US55 cnl 5 358 0 el Y S 05 1w 4SS
.(2000: 5


http://geographical-space.iau-ahar.ac.ir/article-1-3063-fa.html

Downloaded from geographical-space.iau-ahar.ac.ir at 15:19 IRST on Friday November 28th 2025

8 v Mg aedile 9 (S g S5 (59l il (creas asud i suldiud by () 93T e (Sssliay

solad ool @UM&:&J‘ oslazwl ()

S W5 4t S8 oS 7 S Il e wl S IRBF s 5 e Jlazo & e L5 8
sle 4 cons of e GaSok aSs il 51 (S e S e eslinad (Y IS2) <l (GRNN) Oles
sl aauls 4 4ol ol AL e Mol ol (6 ,SsL g5 O ms i ol il o Vouis ooyl (6,850
el $2,2)8 Sl (S5 85A 5 (SOt Plaw leand 55 (Sole 5 Asuaand Sl m e
g:,.w‘ ol QL:; QT d)l&ﬂ (\ ‘da;b) )J

w1

e~

. Fiz)

B W

M

s sl u.ﬁ\.-..i’: @U Sl ey JS.&
Figure 2: Structure of the neural stem radial function
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5- Gaussians

6 -Multi layer Prespetron
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Figure 3: Structure of the support vector machine function
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Figure 4: Training results by using of the support vector machine model
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Figure 5: Training results with probabilistic fundamental / regression radial function
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10- Mean Absolute Error
11- Root Square Error
12- Normal Root Square Error
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Table 3- Test results by comparing the two models of fundamental / probabilistic radial function and support vector machine
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Figure 6: Fitting of observational and estimation data with the support vector machine model
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Figure 7: Fitting of observational and estimation data with the probabilistic radial function model
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Table 4- Factors affecting aquifer level and output results from SVM * and RBF / GRNN / PNN models
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