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3- Radial basis function (RBF) Generalized regression (GRNN) / Probabilistic (PNN)
4- Support Vector Machine
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Figure 1: Location of the study area
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Figure 2: Structure of the neural stem radial function
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Figure 3: Structure of the support vector machine function
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Figure 4: Training results by using of the support vector machine model
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Figure 5: Training results with probabilistic fundamental / regression radial function
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Table 3- Test results by comparing the two models of fundamental / probabilistic radial function and support vector machine
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Figure 6: Fitting of observational and estimation data with the support vector machine model
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Figure 7: Fitting of observational and estimation data with the probabilistic radial function model
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Table 4- Factors affecting aquifer level and output results from SVM * and RBF / GRNN / PNN models
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